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3. Purpose of Normalization and Source of Bias
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4. Which Genes to use
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5. Methods of Normalization



5.1 Single-slide data displays
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5.2.1.2 Intensity dependent normalization
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5.2.1.3 Within—print-tip—-group normalization
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5.2.2 Scale
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5.3 Paired-slides normalization (dye—swap)
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5.4 Multiple slide normalization
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Normalization process
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